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Introduction

The population of persons disabled after stroke has risen dramatically in the past decade, far outstripping the required
number of therapists who can administer long term therapy*. The effectiveness of rehabilitation will be increased
substantially if the patients are able to use a rehabilitation system at home, after having trained on it at the hospital?.
Singapore faces 3 key challenges arising out of stroke:

1. Shortage of therapists

2. Shortage of bed space to provide adeguate care

3. High rate of dropouts from therapy
By 2030, this problem would have escalated by about 300%?!34
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w =) -Early Onset of Automated Therapy 10 design, build and test an integrated rehabilitation platform that can
* give insight on progress of therapy at muscle and brain levels

=> *Muscle and Brain Bio-feedback . personalize therapy for accelerated recovery of function
w =) -Minimal Supervision, Guided Therapy automate therapy intensity and difficulty levels
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recover fully

run an orthosis or electrical stimulation device if necessary
To test for hand function recovery first, since it is key to independent living.
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Conclusion The platform detected differences ?n EEG/SEMG signals accurately, making it possible to track changes In brain state

and muscle use. Larger changes in EEG parameters before and after therapy seemed to correlate with poorer performance
levels In healthy subjects. It is worthwhile studying whether the same holds true for stroke patients. This could aid more accurate, real-time
prognosis and therapy personalization. SynPhNe will enable a person to work with brain and muscle signals in a “mind-body” co-ordinated
way. A patient will be able to alternate easily between active and passive therapy and also train in relaxation. This will help fatigue
management. Further trials with stroke patients are currently underway in Singapore.
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